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CONTEXTO

Images sharing en redes sociales
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Imagenes en el sistema



CONTEXTO

BPR: limitaciones del estado del arte
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CONTEXTO

Caracteristicas de NPR
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DEFINICIONES

Las preferencias segun MF




DEFINICIONES
A posteriori de BPR
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DEFINICIONES

Funcion objetivo de BPR
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MODELO

Funcion objetivo de BPR

Features Labels

1 forj >y k
for j <y k

QMJJ%={_1

(7, g, k)




MODELO

Arquitectura

(LCaIculate training loss
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MODELO

Arquitectura
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MODELO

Arquitectura

Input como one-hot
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MODELO

Arquitectura

Embedding layer
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MODELO

Arquitectura

Producto punto ponderado
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MODELO

Arquitectura

Producto punto ponderado
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MODELO

Output de la red

pp = Wyuy, qj=Wiij, qi=W/i

mpy;j = Ph°4gj

Fhj = a('mehj + b1)




MODELO

Funcion objectivo del modelo
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C-NPR
Problemas de NPR

Preferencia

Compleja
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EXPERIMENTOS

Dataset

>30 >10

likes en imagenes
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EXPERIMENTOS

Dataset

Dataset #Feedback | Sparsity

Small 36,327 0.96%

Large 961,506 0.16%




EXPERIMENTOS

Métricas

@5, @10, @15




EXPERIMENTOS

Baseline




EXPERIMENTOS

Resultados vs NPR: Small dataset
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EXPERIMENTOS

Resultados vs NPR: Large dataset
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EXPERIMENTOS

Resultados vs NPR: Como afecta el contexto?

Method | p@5 p@10

NPR 0.1280 0.1137

VNPR 0.1354 0.1177
TNPR 0.1411 0.1250
GNPR 0.1326 0.1178
C-NPR 0.1504 0.1317




EXPERIMENTOS

Resultados vs BPR: Como afecta el contexto?

Method | p@5 p@10
BPR 0.1302 0.1148

VBPR 0.1366 0.1133
TBPR 0.1384 0.1217
GBPR 0.1331 0.1171
C-BPR 0.1445 0.1255




EXPERIMENTOS

Resultados vs BPR: Como afecta el contexto?

Method
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EXPERIMENTOS

Resultados vs BPR: Como afecta el contexto?
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EXPERIMENTOS

Resultados en Cold Start

Method

P@)S

p@10

p@15

r@5

NPR
VNPR
TNPR
GNPR
C-NPR

0.0723
0.0775
0.0820
0.0775
0.0893

0.05938
0.0623
0.06738
0.0644
0.0721

0.0518
0.0554
0.0584
0.0563
0.0626

0.0643
0.06383
0.0731
0.0685
0.0769
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EXPERIMENTOS

Resultados segun training sample size
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